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For the majority of current day internet researchers they key issue is not “who” is connected to the internet 
but “what” are people doing when they are connected.  In particular there is a growing interest in social 
computing, and especially technology such as blogs, wikis, myspace, and the like. But have we abandoned 
the issue of “who” for “what” too soon? This paper will present a research project that explores the 
psychological barriers that prevent people within community from integrating information and 
communication technology into their lives. The research will use the Social Cognitive Theory by Bandura to 
examine the psychology of the digital divide. Participants in the study are members of the San Jose 
community. Self administered surveys are used for data collection. The research influences our 
understanding of the digital divide by providing evidence that the characteristics or make up of the digital 
divide is more complex than the current understanding of the phenomenon.  Existing digital divide studies 
have taken primarily a socio-economic perspective, and portray the digital divide as a relatively simple 
premise: the digital divide is a dichotomous concept - you either have access to ICT or you don’t. And this 
access is determined by factors such as income, employment and education. This research illustrates that 
psychology does matter; and that the digital divide involves both more members of the population and 
different members of the population then current research has shown to date. As such the current research 
has brought to light elements of the digital divide which have not being considered in contemporary 
discourse about the phenomenon. 
 
 
Introduction 
The digital divide between Information and Communication Technology (ICT) 'haves' and 'have-nots' has 
been a topic of considerable discussion since the US federal government released its 1995 report on 
household access to technologies such as the telephone, computers and the Internet (NTIA, 1995).  Since 
this time many organizations have endeavoured to bridge the digital divide through a diverse range of 
initiatives and projects.  These initiatives and projects have been developed based on the current 
understanding of the digital divide.  This understanding has been developed primarily from a socio-
economic perspective. According to current studies (eg. NTIA, 2004) the primary factors contributing to the 
digital divide are income, employment and education. As personal computer prices have fallen and Internet 
services to the household are becoming increasingly less expensive the socio-economic perspective of the 
digital divide becomes less convincing to explain all reasons for ICT non-use. The 1999 study by the 
National Telecommunications and Information Administration (NTIA) into the digital divide in the Unites 
States suggested that the “don’t want it” attitude is fast rivaling cost as a factor explaining non-use of the 
Internet.   Further support for this suggestion was more recently given by a Pew Internet and American Life 
Project (Lenhart, Horrigan, Ranie, Allen, Boyce, Madden & O’Grady, 2003;) study which stated that nearly 
one quarter of American’s are “Truly disconnected” having no direct or indirect experience with the Internet.  
Whilst another 20% of Americans were “Net Evaders”, that is, people who live with someone who uses the 
Internet from home.  Net Evaders might “use” the Internet by having others send and receive email or do 
online searchers for information for them.  Recent criticism of the current digital divide studies (Jung, Qiu & 
Kim, 2001) has suggested that the studies failure to consider the psychological, social and cultural barriers 
to the digital divide.  If all members of community are to be allowed to become active citizens and if 
community organisations are to develop services and resources that will contribute to bridging the digital 
divide efforts must be made to more clearly understand the social, psychological and cultural differences 
that contribute to its development. This paper discusses a research project into the psychological barriers of 
the digital divide. The paper is divided into three parts.  Part one considers what the digital divide is.  A brief 
picture of the digital inequality in the US is outlined.  The limitations of current digital divide studies are 
discussed. Part two outlines the research project.  The research approach, the underlying theoretical 
framework and the final results are outlined. Part three will discuss the future and emerging trends of digital 
divide research, suggesting further opportunities for study and exploration. 
 
A review of the Literature  
The phrase digital divide has become the accepted manner for referring to "the social implication of unequal 
access of some sectors of community to Information and Communication Technology [ICT] and the 
acquisition of necessary skills” (Foster, 2000, p. 445).  The term has been derived from the commonly held 
belief that access to ICT such as the Internet, and the ability to use this technology is necessary for 
members of community if they are to fully participate in economic, political and social life. Studies 
examining the digital divide abound. In the US the National Telecommunications Information Administration 
(NTIA) has been the main body engaged in quantifying or measuring the digital divide and in so doing 
provide a profile on who is excluded by the digital divide and who is not.  The NTIA studies have suggested 
that the primary factors contributing to the digital divide are income, employment, education, geography, 
gender, physical disability and ethnicity. Individuals who can be identified through these factors are more 
likely to represent the 'have-nots' in the digital divide.  In the second of the Falling through the Net studies 
published in 1998, the NTIA acknowledged that the Digital Divide "is now one of America's leading 
economic and civil rights issues" (NTIA, 1998, p. xiii).  By 2000 the NTIA suggested that the “digital divide 
has begun to narrow…and that we are entering a period of fuller digital inclusion” (NTIA, 2000, p 1-2).  This 
new focus continues in the sixth, and most recent, report in the series, published in 2004, in which attention 
has clearly shifted from internet access or use to broadband technologies. The question for the NTIA is not 
who is connected but how are people connected.   
 
The NTIA studies have been an invaluable starting point for developing knowledge of the digital divide 
within the US.  The studies have clearly shown how a range of socio-economic factors have, over the 
years, separated those who have access to IT, such as the internet, and those who do not have access.  
The studies have also shown that the digital divide is a dynamic concept not a static one. As the way in 
which the socio-economic factors impact upon the digital divide has changed over the years.  It is important 
to note that the bulk of these studies have taken the form of socio-economic/demographic analysis or 
statistical descriptions of who has access to digital information technology and who does not.  Whilst limited 
by their use of unsophisticated statistical analysis, these studies have been useful for illustrating trends and 
suggesting possible relationships. In addition they have served as important indicators of a developing 
policy problem and have placed the digital divide issue in the public spotlight.  However data of this type are 
inadequate for making claims about the root causes of the problem and can be open to different 
interpretations. Methods used to analyze the digital divide to date are insufficient to separate the effects of 
overlapping influences and to establish with any certainty what factors matter – race, education, income or 
all of the above.  Additionally, the studies have focused only one aspect of the digital divide – physical 
access to ICT - and have failed to consider other access issues (i.e. personal, social or cultural).   
 
Vernon Harper (n.d.) in a recent discussion paper suggests the existence of two digital divides: Access 
Digital Divide (ADD) and Social Digital Divide (SDD). The Access Digital Divide (ADD) is based upon cost 
factors and is frequently discussed in terms of the presences of computers or Internet access in the 
household.  The SDD is "a product of differences that are based on perception, culture and interpersonal 
relationships that contribute to the gap in computer and Internet penetration" (Harper, n.d, p. 4). Harper 
recommends that the scholarly community build research that explores the social, psychological and 
cultural differences that contribute to the Social Digital Divide (SDD). It is composed of barriers to 
motivation, knowledge, skill, content and social networks. Harper concludes by stating “the issues 
surrounding the digital divide must be redefined away from the hardware and towards humanity” (n.d., p. 5).  
A small but growing number of studies have begun to explore the digital divide from different perspectives 
including education, cultural, sociological and so on (Kvasny, 2002; Mossberger, Tolbert and Stansbury, 
2003). In 2002 Cuneo noted that there has been too little to no research exploring the digital divide from a 
psychological perspective. This current research will help fill this gap and in so doing add to the growing 
body of knowledge on the digital divide.   
 
To date, only four studies have attempted to explore the digital divide from a psychological perspective.  All 
four studies have used Bandura’s Social Cognitive Theory. This theory postulates that a person will act 
according to their perceived capabilities and the anticipated consequences of their actions.  Self-efficacy is 
the primary component of the theory.  It is the belief that a person has that they can perform a particular 
behaviour or task. Three of the studies were conducted in the US (Eastin & LaRose, 2000; Foster, 2001; 
Ringgold, 2001) and involved high school and college students and their use of computers and the internet. 
Two of these studies focused specifically on the experience of African American students as compared to 
European American (i.e. white American) students. One study was conducted in Hong Kong (Lam & Lee, 
2005) with older adults and their use of the same technology. All four studies have helped to expand current 
understanding of the psychological factors that impact upon a person’s willingness to engage with ICT. The 
studies provide initial support for an alternative psychological perspective to the current socio-economic 
understanding of the digital divide. However, these studies are limited in two significant ways: Firstly, the 
participants used (i.e. college students, African American students, senior citizens) in the studies resulted in 
limited generalisability to other populations; and notably only one of the studies used participants drawn 
from the general population. Secondly, none of the studies included both socio-economic and socio-
cognitive factors. The current research will fill these gaps; and in so doing add to the growing body of 
knowledge on the digital divide per se, and on the application of the socio-cognitive framework to 
understanding the digital divide in particular.The Social Cognitive Theory (and specifically self efficacy) 
provides a new way of viewing digital inequality. This perspective will help understand why individuals with 
high socio economic status are choosing to not or rarely use ICT and why those individuals with low socio 
economic status are choosing to use ICT. It will also provide a new way of looking at the ‘have-nots’ and 
‘haves’ as identified by the existing socio-economic study.  The argument presented here is that the socio-
economic view of the digital divide tells only one part of the story, by including a human centred perspective 
– that is a perspective that looks at the internal forces influencing an individuals behavioural decisions – a 
new way of understanding digital inequality emerges.  
 
 
The Research Project 
 
 
Research Aim 
The research project extends current digital divide research by exploring the human dimension of digital 
inequality in community by examining the psychological factors that contribute to the digital divide. The 
research is focused by the basic question: are there internal forces causing members of society not to be 
motivated to use information and communication technology (such as the internet)? The main aim of the 
research is to explore the notion of the Social Digital Divide proposed by Harder (n.d) by examining the 
socio-cognitive aspects of internet use of community members alongside the socio-economic aspects. The 
study addresses the following research question: what influence of socio-cognitive factors have in 
predicting internet use by members of the general population when the effects of socio-economic factors 
are controlled? 
 
 
Theoretical Framework 
This research will examine the internal or psychological forces that motivate an individual to refrain from 
integrating technology, such as the Internet, into their lives.  To achieve this end the research will use the 
Social Cognitive Theory (SCT) developed by Albert Bandura (1986).  This theory asserts that behaviour is 
best understood in terms of a triadic reciprocality (Bandura, 1986). Where behaviour, personal factors and 
the environment exist in a reciprocal relationship and are thereby influenced or are determined to a by each 
other.  According to Bandura individuals are actively involved in shaping their environments and not merely 
passive reactors to them (Bandura, 1986).  This relationship is shown in Figure 1. 
 
 
 
 
Figure 1: The triadic relationship (Bandura, 1986) 
 
SCT has two key constructs: self efficacy and outcome expectancy. Self efficacy refers to a person’s 
judgement of perceived capability for performing a task, and outcome expectancy refers to a person’s belief 
that performing a task will lead to a specific outcome.  Self efficacy is the more important of the two 
constructs in determining behaviour. Self-efficacy has three dimensions: magnitude, strength and generality 
(Bandura, 1986).  Self-efficacy magnitude refers to the level of difficulty a person believes they are capable 
of performing. Self-efficacy strength refers to the level of conviction a person's has that they can perform a 
task or behaviour.  Self-efficacy generality refers to the extent to which a persons success or failure in a 
task or behaviour will influence their self-efficacy in other tasks or behaviours.  According to Bandura (1986) 
individuals acquire information about their personal Self-Efficacy from six primary sources: (a) actual 
experiences, (b) vicarious experiences, (c) verbal persuasion, (d) physiological states, (e) imaginal 
experiences and (f) distal and proximal sources. An individual's own performances, especially past 
successes and failures, offer the most reliable source for assessing self-efficacy (Bandura, 1986).   
 
 
Research Context  
The research was conducted in San Jose, California. Data collection took place using the San Jose Public 
Library Service (SJPLS). Four branches of the library service were used in the study. The branches were 
selected based upon their potential to provide access to a wide range of participants (i.e. varying degree of 
internet use and socio-economic factors).   
 
 
Research Approach 
Self administered survey instruments were used for data collection. Pre-piloting of the instrument took place 
in May 2002 using all four library branches. Pilot testing and final data collection was conducted in January 
2005 using only one of the branches (other branches were closed or otherwise not available for data 
collection at the time).  Because of the short period for data collection (less than 4 weeks) four research 
assistants were involved in the collection process. To control for variation in the data gathering process a 
standardized procedure for data collection was established.   
  
 
Measures 
The survey instrument gathered data on (i) socio-economic factors; (ii) internet use; and (iii) socio-cognitive 
factors. 
 
Socio-cognitive factors 
Existing research exploring the digital divide in the US have offered a number of different factors that are 
suggested to impact on digital inequality. Whilst the importance of factors may have varied from year to 
year in general the factors were: income, employment, gender, age, disability, ethnicity, geography and 
household type. To allow the current research to build upon these studies the following socio-economic 
variables were included: gender, age, income, education, employment, disability and ethnicity. As the 
research is based on metropolitan cities geography was not included.  Household type was not included as 
it was used in varying ways in the studies, and more often than not household type referred to average 
household income and education and as such does not add to the data already being obtained by existing 
income and education variables. Additionally the current research was focused on the individual not the 
family.  Because existing studies focused on each variable’s unique contribution to the digital divide the 
variables were not combined into one all purpose measure of socio-economic status. Seven variables were 
included resulting in seven items within the questionnaire (i.e. one item per variable):   
 
• Gender was measured by asking the respondent to select the category that best described them (i.e. 
female or male).  
• Age was measured asking the respondent to select the category that best described their current age 
(i.e. 17-20 or 21-30). 
• Education level was measured by asking the respondent to select the category that best described the 
highest level of education (i.e. primary school or bachelor degree).  
• Employment status was measured by asking the respondent to select the category that best described 
their current employment status (i.e. Unemployed or full time employed).  
• Income was measured by asking respondents to select the category that best their average annual 
income over the last three years (i.e. No Income or $40,001-$50,000).  
• Ethnicity was measured by asking respondents to select the category that best described their 
ethnicity (i.e. African American or Caucasian/White).   
• Disability was measured by asking the respondent if they identified themselves as having a disability 
and to select the category that best described them (i.e. yes or no).  
 
Internet Use  
The measure used in the current research was based upon an existing measure of internet use by LaRose, 
Mastro and Eastin (2001). An additive index of two items was used.  Participants were asked to give a free 
text answer in regards the typical amount of time they spent using the internet on a typical weekend day 
and a typical weekday.  The free text response was then coded by the researcher (i.e. 1 if none, 2 if less 
than an hour, 3 if 1 to 2 hours, 4 for more than 2 and up to 5 hours, and 5 if more than 5 hours).  
Respondent’s scores could range from 2 to 10. The higher the score obtained the more a respondent uses 
the internet.   
 
Socio-cognitive Variables 
Two socio-economic variables were used in the study: internet self efficacy and internet outcome 
expectancy. 
 
• An internet self efficacy scale was developed and validated for use in the research  The self report 
scale is a measure of an individuals perceived self efficacy for using the internet (eg. ‘View a 
multimedia (audio or visual) file’).  Exploratory factor analysis was used to establish the psychometric 
soundness of the scale. A one factor solution was identified. Participants respond to the 24 item scale 
by indicating how confident they are they can do the internet tasks listed on a  scale ranging from I am 
not at all confident (0) to I am moderately confident (5), to I am totally confident (10).  Scores could 
range from 0 to 240. The higher the score obtained the more an individuals is characterised by high 
perceived internet self efficacy. High internal consistency was noted with Cronbach alpha of .97. 
 
• Six measures of internet outcome expectancy developed by LaRose, Mastro and Eastin (2001) were 
used in the study.  These include (i) a four-item Activity Outcomes Scale measuring the likelihood of 
finding enjoyable activities on the internet (eg. “feel entertained’); (ii) a four-item Novel Sensory 
Outcome scale that assesses the likelihood of finding information on the internet (eg. ‘get immediate 
knowledge of big events’); (iii) a four-item Social Outcomes scale that assesses the likelihood of 
developing relationships over the internet (eg ‘get support from others’); (iv) a three-item Self 
Evaluative Outcomes scale that measures the likelihood of finding entertainment over the internet (eg. 
‘relive boredom’); (v) a four-item Status Outcomes scale that measuring the likelihood of obtaining 
improvements in life (eg. ‘improve my future prospects in life”); and (iv) a four-item Monetary 
Outcomes (.88) scales that measures the likelihood of saving money on the internet (eg ‘get products 
for free’). Respondents indicate the likelihood of each internet outcomes using a Likert scale ranging 
from Extremely Unlikely (1) to Extremely Likely (7). The higher the score the higher obtained on each 
scale the more an individual finds the outcome to be likely.  This is the first time that theses scales 
have been used with members of the general population (the scales were developed using US college 
students).  Interestingly the six scales or dimensions did not emerge fro the current research.  
Exploratory factor analysis revealed that a one factor solution offered the simplest structure.  Internal 
consistency was sound with Cronbach alpha of .92. 
 
Further evidence of the construct validity of the internet self efficacy scale and the outcome expectancy 
scale can be found by examining the inter-scale correlations.  Pearson-Product moment correlation 
coefficient revealed a low to medium positive correlations between the two scales (r=.335, n296, p<01) with 
high levels of self efficacy associated with high levels of outcome expectancy.  Bandura (1986) notes that 
self efficacy and outcome expectancy are two related concepts and as such  a significant relationship would 
be expected between the two scales. 
Participants 
488 participants were involved in the study. Due to instances of missing data several questionnaires could 
not be used in the research.  Complete data was obtained for 330 of the participants1. Of these participants 
167 were females and 158 were males, aged 17 to 80 with a modal age range of 21 to 30.  There is good 
sample coverage with the current sample’s characteristics similar to the San Jose Community in general. 
Using the 2004 American Community Survey conducted by the US Census Bureau is was noted that the 
only minor differences between the current study’s sample and the San Jose community is that people with 
higher education, people with lower incomes and those unemployed are slightly over represented.  This 
may be the result of the data collection context used in the study (public library) providing access to a 
specific section of community. Nonetheless statistical analysis can proceed confident that the study sample 
if a close representation of the population being explored. 
 
 
Results 
Hierarchical regression analysis was used for data analysis. Analysis was undertaken using SPSS.  Prior to 
data analysis the data was examined for accuracy of data entry and fit with assumptions such as sample 
size, multicollinearity and singularity, outliers and normality, linearity and homoscedasticity. Several cases 
were removed as outliers leaving 289 valid cases for analysis. A two step analysis was conducted. In Step 
1 the socio-economic variables were entered.  In Step 2 the socio-cognitive variables were entered. 
Because multiple regression requires metric independent variables dummy coding was used to convert non 
metric variables into metric variables.  In the current research the seven socio-economic variables are 
converted to metric variables using indicator coding. For example, Age was converted to 0= 40 years and 
younger; 1=40 years and over.  Table 1 provides the results of the analysis.  
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
Table 1 Hierarchical regression for internet use 
                                                 
1
 Non response error between the complete and incomplete surveys was examined using Chi-Square test of 
independence and one way ANOVA. The analysis revealed that the surveys were not statistically significant in terms 
of age, gender, income, ethnicity, disability and internet use. Initial analysis revealed a statistically significant 
difference between the surveys in regards to highest education and employment status, however further analysis 
suggests that whilst there is a difference this difference was small and most likely not significant in practice.    
 
 
 
 
At step one the socio-economic variables were not significant predictors of internet use. Although an 
examination of the standardized beta coefficients2 suggested that age was a significant negative predictor 
of internet use (B = -.175, p<.05).  This indicates that younger participants reported higher internet use than 
older participants. After variables in block one are entered (the socio-economic factors) the overall model 
explains 3.1% of the variance.  This was not statistically significant.   
 
At step 2. only internet self efficacy was a significant positive predictor of internet use. Participants reporting 
higher levels of internet self efficacy (B = .400, p<.001) reported higher internet use. The age factor was no 
longer significant predictor.  An inspection of the R Square change value indicates that the second block of 
variables accounted for an additional 15.5% of the variance in internet use when socio-economic factors 
are controlled for. This is a statistically significant contribution as indicated by the F Change value [F(9, 264) 
= 6.72, p<.001].   The final model (with both blocks entered) explains 18.6% of the variance. Thus, the 
regression analysis clearly suggests that it is socio-cognitive factors (especially self efficacy) and not socio-
economic factors that are positive predictors of internet use.   
 
It is interesting to note that outcome expectancy was not a predictor of internet use. This is perhaps not 
surprising given that Banduara (1986) noted that self efficacy was the core construct in Social Cognitive 
Theory and that on its own outcome expectancy may not add much to the prediction of behaviour, but it 
may contribute to the formation of self efficacy beliefs. To determine if this was the case in the current 
research a second regression analysis was run with self efficacy as the dependent variable.  This analysis 
was run to explore the impact, if any, that the socio-economic factors and the outcome expectancy factor 
may have on an individual’s self efficacy. The results of this analysis are presented in Table 2. 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
Table 2 Hierarchical regression for internet self efficacy 
 
Once again the dataset was checked for fit against assumptions and several cases were removed as 
outliers leaving 278 valid cases for analysis. At step one the age and education were significant negative 
predictors of internet self efficacy.  It can be inferred that younger participants (B=-.246, p<.001) report 
higher levels of internet self efficacy than other participants.  And that participants with higher levels of 
education reported higher levels of internet self efficacy (B=-.179, p<.05).  Step one accounted for a small 
but significant 9.1% of the variance in internet self efficacy.    
 
                                                 
2
 The beta values represent the unique contribution of each variable when the overlapping effects of all variables are statistically 
removed. 
At step two examination of the standardised beta coefficients revealed that outcome expectancy was a 
positive predictor of internet self efficacy (B = .390, p <.001). This indicates that as participants reported 
higher levels of outcome expectancy they also reported higher levels of internet self efficacy.  Age (B = -
.154, p<.05) and education (B = -.253, p <.05) remained significant in step two, but the order of importance 
in predicting self efficacy changes, with education now the more important of the two.  An inspection of the 
R Square change value indicates that the second block of variables accounted for an additional 13.3% of 
the variance in internet self efficacy when socio-economic factors are controlled for.  This is a statistically 
significant contribution as indicated by the F Change value [F(8, 265) = 89.568, p<.001]. The final model 
accounted for 22.4% of the explained variance in internet self efficacy.  Thus the regression analysis 
suggests that there are three variable that have an impact on internet self efficacy. In order of importance 
these are: outcome expectancy, education and age.   
 
 
Discussion 
The results of this research have revealed that attitudes do matter. The study shows that socio-economic 
factors are not statistically significant predictors of internet use in community. The only predictor that was 
found to be significant was internet self efficacy.  Individuals with higher levels of internet self efficacy 
reported higher levels of internet use. Further analysis of the data revealed that outcome expectancy, 
education and age were significant predictors of internet self efficacy.  In short individuals with higher levels 
of internet self efficacy and novel outcome expectancy reported higher levels of internet use. Taking into 
consideration the above findings three main observations can be drawn: Firstly, that Internet self efficacy is 
the strongest predictor, when compared with socio-economic factors, of internet use for member of the 
general public. Secondly, that socio-economic factors are not a predictor of internet use.  And thirdly, age 
and education were significant predictors of internet self efficacy. The present research extended current 
knowledge of the major antecedents of internet use in community 
 
The research is significant because it is the first time that a study exploring the digital divide has combined 
both socio-economic and socio-cognitive factors in the research design; and, used members of the general 
population in the data collection process. The outcomes of this research influence our understanding of the 
digital divide in a number of ways.  Firstly, it establishes a way of thinking about and understanding digital 
inequality in community that goes beyond just simple access to connection to technology. It illustrates that 
attitudes do matter; and that the internal forces inside a person will have a significant (indeed the primary!) 
impact on their decision on whether to engage with technology and to incorporate it into their information 
worlds. Secondly, the findings provide evidence that the characteristics or make up of the digital divide is 
more complex that the current dichotomous understanding. The socio-economic perspective that have 
dominated understanding of the digital divide to date, suggests that the lower an individuals socio-economic 
status the more likely the will represent the ‘have-nots’ in the digital divide; while the higher an individuals 
socio-economic status the more likely they are to represent the ‘haves’.  Where a ‘have-not’ is someone 
who does not or rarely uses ICT such as computers or the internet and a ‘have’ is someone who regularly 
uses ICT. The socio-economic studies do not shed light on why those individuals with high socio economic 
status are choosing to not or rarely use ICT and why those individuals with low socio economic status are 
choosing to use ICT. This would suggest something else might be influencing people’s decision to engage 
with ICT in their lives. The current research illustrates that this something else is self efficacy.  And that the 
digital divide involves both more members of the population and different members of the population then 
current research has shown to date. As such the current research has brought to light elements of the 
digital divide which have not being considered in contemporary discourse about the phenomenon. 
 
The research illustrates that organisations (i.e. public libraries, community centres etc) aimed at supporting 
the information and ICT needs of community need to incorporate both physical access to technology and 
programs that help develop people self efficacy beliefs.  Programs to develop self efficacy beliefs should 
include the four core sources of self efficacy noted by Bandura: enactive attainment; verbal persuasion; 
vicarious experience and physiological feedback. For example, enactive attainment provides the most 
authentic evidence of whether one can succeed in a task as such this is the most influential source for 
establishing self efficacy beliefs. Therefore it is important that opportunities for people to obtain access so 
they may use the internet are maximised.  Charging for internet access works against this strategy.  
Opportunities should be made available for people in community who do not normally have access, for 
whatever reason, to be given access; for example, mobile internet services to regional or remote 
communities.  This should be more than just a “hit and run” access or one off classes; as these do not allow 
the opportunity to steadily build on the skills being acquired.  Enactive attainment required frequent 
successful use of the technology.  Similarly, greater self efficacy beliefs can be increased through verbal 
persuasion about performance. But this persuasion must be delivered by competent and credible 
evaluators. It must also be constructive. Telling individuals that they will succeed only through hard work or 
that they need to work harder is likely to lower self efficacy in the long run since this message conveys that 
the user must have been deficient to begin with to require such hard work to succeed.  The use of these 
four sources of self efficacy may require that staff involved in designing, delivering and supporting the 
information and ICT needs of community may required addition training to be able to adequately undertake 
their duties. It will inevitably require support from policy makers at the most senior levels; and it will need 
greater budgetary assistance.  
 
 
Limitations of the Research 
The research has several possible limitations that must be considered.  First the research employed cross 
sectional data to identify the significant relationships between the research variables.  Consequently, no 
firm conclusions can be made regarding the exact magnitude of the causal effects. Longitudinal designs, 
although much more difficult to achieve (especially in the community setting), are crucial for furthering 
current understanding of the nature of the digital divide. A second weakness is the researcher’s reliance 
upon the use of self-reported measures by participants. Self reported measures provide a useful 
opportunity to collect data otherwise not readily available.  But self reported data is limited by what 
“individuals know about their attitudes and are willing to relate” (Nunnally, 1967: 590). As such a significant 
potential limitation in the current study is the overall validity of the measures employed.  Thirdly it is 
acknowledge that the validity and reliability of a construct cannot be established by a single study.  The 
internet self efficacy measure developed for the purpose of this research requires further testing and 
revising in order to improve its psychometric properties. Finally, some caution must be taken when 
interpreting the findings in relation to the broader San Jose community and the US population.  This is 
because the participants were recruited from a small catchment (i.e. only one city in the US; and in only one 
specific location in the city – the public library).  Thus, what is presented here is a picture of the digital 
divide as understood by one “small world” and more specifically by only a very small per cent age of 
members from this small world. The existing picture can be deepened through replication. 
 
 
Recommendations and Future Directions 
Any worthy research topic is likely to provide more questions than can actually be resolved during the 
immediate research activities, and this is the case here. Recommendations for future research and practice 
from this research include: 
 
• That the present study be replicated in other community contexts in the US. This will help determine 
whether the findings uncovered in this study are present in other parts of the US. 
• That the present study be replicated in communities in other cultures. This will help to determine if the 
findings of this study are also found in other cultural contexts. This is of particular importance for the 
developing nations and consequently the “global digital divide”. 
• That further studies be conducted to explore in greater detail the factors that influence the formation of 
self efficacy beliefs.  Whilst, the current research has shed some initial light on this point, and there is 
a wealth of information in the SCT literature itself, further studies would help establish what the key 
factors are for this particular phenomenon which must be used in supporting community.   
• That further studies be conducted exploring self efficacy and digital inequality with other ICTs. This 
study has focused on the internet for the reasons that at the moment it is the accepted “face” of digital 
inequality but each day new technology and new developments arise impacting upon people’s 
information worlds.  Extending the research to incorporate these new developments will help to shed 
more light on the phenomenon. 
• That further studies are conducted that use a longitudinal approach to study the phenomenon. These 
studies should also incorporate exploration of intervention programs. Conducting pre and post tests 
based on people’s experiences of intervention programs that are designed to help establish self 
efficacy will assist in determine the most effective strategies to take to bridge the digital divide. 
• That organisations and policy makers incorporate both access to technology and programs and 
services aimed at helping members of community to develop their self efficacy beliefs. These 
programs and services should be based upon the four core sources of self efficacy noted by Bandura: 
enactive attainment; verbal persuasion; vicarious experience and physiological feedback. This may 
require additional resource or training for staff involved in the design and delivery of community based 
services; it may also involve the redevelopment of current infrastructure. 
 
 
Conclusion 
The aim of this research was to extend the current understanding of the digital divide by developing a 
theoretical framework for viewing digital inequality in community that considers socio-cognitive factors 
alongside socio-economic factors. An alternative perspective for understanding digital divide has been 
proposed.  The research has shown that socio-cognitive factors, and self efficacy is particular, is the major 
predictor of internet use in community.  The digital divide is not about computers, modems, the internet and 
hardware.  It is about people. As such the key to solving the issue of digital inequality is not going to be 
found with corporate or government funds and resources providing physical access to technology.  Instead 
the key to solving digital inequality is inside the individual user. We need to develop programs and services 
that support the individual. As the adage goes: “you can lead a horse to water, but you can’t make him 
drink”.  Access alone is not the answer. Whilst access is certainly a good starting point; it is most certainly 
not the end point. This alternative formulation of the digital divide presented in this research is by no means 
intended to minimise the role played by socio-economic factors. Indeed the socio-economic perspective has 
helped shed light on a very real social issue.  What this research does is suggest that the digital divide is 
simply more complex more involved then we have imagined.  And that a focus on who is still an important 
aspect of current internet research. 
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